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ADI Consulting evaluates Fair Lending risk for many lenders. Most often, this work is based on econometric 

or regression analysis methods to predict the underwriting or pricing outcomes of consumers who 

interacted with the lender. If the results of the analysis identify Fair Lending risk, we often recommend 

comparative file reviews (CFR) to examine the individual high-risk applications.  Implementing this 

recommendation is a critical step in a complete Fair Lending evaluation.   

We begin this article with a brief description of the analysis that may lead to CFRs.  Then, we focus on the 

optimal approach to selecting comparators for the high-risk files identified.  This approach directly 

integrates the comparator selection step with the underlying statistical analysis through which we 

identified the risk.  The result is a seamless process that delivers the most convincing method of explaining 

identified Fair Lending risk. 

Fair Lending Modeling of Underwriting Decisions 
For underwriting, our analysis begins by developing models that use lender-provided data that was 

available at the time of its underwriting decision-making process. Our modeling design phase incorporates 

data elements – such as credit score, income, debt, debt to income ratio, requested loan amount and 

many others – that meet two criteria: 

 They must be plausibly exogenous, that is, they cannot have been influenced or determined by 

the lender – the institution determining the underwriting decision; and  

 They must represent what was available to the lender when it reached the relevant underwriting 

decision.  For instance, if an independent appraisal was not conducted because an application 

was denied prior to an appraisal being ordered, the appraisal was not available to the decision-

maker.  

We often complement these lender-supplied data with the most current data from Federal agencies such 

as the Federal Reserve, the Federal Housing Finance Authority (FHFA) or the Census Bureau to control for 

variation in interest rate and regional housing market conditions. And, we form subgroups by placing 

applications into groups of similarly situated consumers applying for similar products or who have other 

common characteristics.  For instance, we may form one “model group” that exclusively incorporates 

applicants for VA-insured refinance products or others who apply for mortgages with an LTV of 95 or 

greater. 



 

ADI Adviser © ADI Compliance Consulting, Inc. – June 2016 Page 2 

Once we arrive at a suitable set of predictive factors and a reasonable model grouping strategy, we 

implement regression models that test, for example, whether: 

 Prohibited Basis (PB) group member applicants were more likely to be denied than similarly 

situated Non-PB (NPB) members.  

o To evaluate Fair Lending risk with respect to race and ethnicity, we compare outcomes 

for each relevant group (i.e., Black, Hispanic, American Indian and Hawaiian) with 

outcomes from White, Non-Hispanic (WNH) consumers. Similarly, we evaluate outcomes 

on the basis of age – comparing those 62 or over to those under 62 – and on the basis of 

gender and marital status. 

 If we find evidence within these model groups at the 95 percent confidence level that similarly 

situated PB group members were denied more often than their NPB counterparts, we classify the 

PB group as high-risk and identify the specific applications that carry the greatest share of that 

group-level risk. 

o These high-risk applications represent those PB consumers for whom predictive factors 

pointed to the greatest probability of an approval, but who were denied. 

Comparative File Review Selection 
At this point, we consider whether to recommend Comparative File Reviews (CFRs) – in which the 

outcome for each high-risk, denied PB member application is compared to the lender’s underwriting 

decision for an approved, NPB group member who is most similar. This is the approved, NPB application 

that is most similar (i.e., the comparator). The remainder of this article explores advantages and 

disadvantages of two approaches that can be used to identify the comparators. 

CFR Approach 1: Model-Based Propensity Score Matching 
In this approach, we implement a regression model to determine which approved, NPB applicant has the 

greatest similarity to the high-risk application using the same set of factors found predictive in the 

modeling that was foundational to the risk identification. This approach effectively removes the 

judgments that a lender’s compliance analyst might make when selecting comparators.  

When the analyst begins the comparison between the two files matched through this method, the analyst 

searches for factors that were not or could not have been incorporated in the modeling. If such “omitted” 

factors are discovered, they provide highly credible evidence that eliminates the lender’s risk for that case. 

Furthermore, these omitted factors, if systematically available, can be incorporated into future analyses. 

CFR Approach 2: Match on Factors Hypothesized to be Most Critical 
Often, compliance analysts who must find suitable comparators do not use Approach 1, but use an 

alternative approach that relies more heavily on the face validity of the PB and NPB applications.  In this 

approach, the analyst examines the group of high-risk files and the potential comparators.  Based on that 

review the analyst can approximate the ranges for FICO scores, DTIs, loan amounts, and other factors for 

matching comparators with high-risk files. 
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In making these judgments, the analyst could set the matching tolerance criteria within 10 points on FICO 

and 5 points on DTI. Or, the analyst could set the tolerances at 15 FICO points and 2 DTI points.  The 

decision is based on the analyst’s approximation of the actual range of values for each factor and how 

much of that range to leave out of the matching process.  Suppose, for example, that a high-risk 

application has a FICO score of 700 and a DTI of 25.  Approach 2 selects closest matches based on analyst 

decisions made outside of the analytic framework, on factors potentially not critical to the outcome, and 

subject to uneven variation, whereas Approach 1 operates within the modeling framework of the 

underlying analyses. This approach could result in a departure from the regression analyses through which 

risk was initially identified. 

Propensity Score Matching (PSM) Versus Factor Matching 
The clear advantage of following Approach 1 is that it keeps the selection of the comparators within the 

modeling framework used to identify the groupwise risk by relying solely on the factors identified in the 

foundational model.  No judgments or approximations are involved and the analyst can see the rank 

ordering of potential NPB comparators. 

At ADI, we recommend Approach 1 (or PSM) to identify comparators where the underlying methodology 

is econometric or regression analysis.  It is a comparator selection strategy that is: 

 Consistent with the factors found to be predictive of the lender’s underwriting decisions for the 

relevant model group and time period; 

 An efficient and seamless next step following implementation of the regression or econometric 

models; and  

 Credible because aligning the CFRs with the underlying model is further demonstration of a 

lender’s conscientious effort to produce a seamless, end-to-end process for Fair Lending 

compliance management.    

Where the analyst does not rely on econometric or regression analysis, however, she should continue 

using Approach 2, as described above.  
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For More Information 
Call: 703-836-1517 
Visit: http://www.adiconsulting.com/compliance-consulting-services/fair-lending/ 
Or email info@adiconsulting.com 
 
About ADI Consulting 

ADI Consulting has been helping financial institutions comply with federal and state regulatory requirements for 
nearly 15 years. Our work focuses on the Fair Lending, the Community Reinvestment Act (CRA), the Home 
Mortgage Disclosure Act (HMDA), and Anti‐Money Laundering challenges our clients face.ADI works where client 
and consumer interests intersect. Our clients strive to sell products and services that consumers want to buy from 
them. To succeed, they must comply with regulatory requirements and deliver a compelling customer experience. 
ADI assists with regulatory compliance through deep subject matter expertise and sophisticated quantitative 
analysis. We help clients build lasting customer relationships by delivering consistently rewarding experiences, 
grounded in solid research, thorough analysis, and practical advice. 
 
This paper makes no warranties and does not constitute legal guidance. 
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